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Abstract: Keyword searching is an best method for searching linked data sources on the web. We, propose to route keywords only to
relevant sources to reduce the processing cost of keyword queries search over all sources of web. We propose a best method for
computing top-keyword routing plans based on their potentials to contain results for a given keyword query. We find a keyword-element
relationship summary that shows a relationships between keywords and the data elements showing them. A multilevel scoring
mechanism is proposed for computing the relevance of routing plans based on scores at the level of keywords, data elements, element
sets, and subgraphs that connect these elements. Further, we show routing greatly helps to improve the performance of keyword search,

without compromising its result quality.
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1. Introduction

The web is a mixture of web of connected data and textual
documents .1t is somehow difficult for some users to extract
this web data by means of structured queries or using other
languages. At this end, searching keyword has proven to be
best. As inspite of such structured queries, no special
knowledge of the query language, the schema or the
underlying data are needed . Query processing over graph-
structured data is growing number of applications. A top-k
keyword query search on a graph finds the top k answers,
where each answer is a substructure of the graph containing
all query keywords in database search. The solutions have
been given, which gives a keyword search, retrieve the most
applicable structured results or simply, select the single most
relevant databases. However, these approaches provide
single-source solutions. They are not directly relevant to the
web of Linked Data, where results are not binded by a single
source but might complete several Linked Data sources. As
linked data contains hundreds of sources which further
contains billions of RDF triples, which are connected by
many links. While various links can be established, the one
which is frequently published are sameAs links, which
shows that two RDF resources represent the same world
object or it is related to each other. As opposed to the source
selection problem, which is focusing on computing the most
relevant sources, the problem here is to calculate the most
relevant combinations of sources. The intention is to
produce routing plans, which can be used to compute results
from multiple sources.

2. Literature Survey

V. Hristidis, L. Gravano, and Y. Papakonstantinou, propose
G-KS, a method for selecting the top-K candidates based on
their potential to contain results for a given query. G-KS
summarizes each database by a keyword relationship graph,
where nodes represent terms and edges describe
relationships between them. Keyword relationship graphs
are utilized for computing the similarity between each
database and a KS query, so that, during query processing,
only the most promising databases are searched.

Y. Luo, X. Lin, W. Wang, and X. Zhou, proposed the study,
of the effectiveness and the efficiency issues of answering

top-k keyword query in relational database systems. Here,
proposed a new ranking formula by adapting existing IR
techniques based on a natural notion of virtual document.
Compared with previous approaches, the new ranking
method is simple and effective, and agrees with human
perceptions. Here, also study efficient query processing
methods for the new ranking method, and propose
algorithms that have minimal accesses to the database.

Hao He, Haixun Wang, Haixun Wang, Philip S. Yu,
proposed BLINKS, a bi-level indexing and query processing
scheme for top-k keyword search on graphs. BLINKS
performs a search strategy with provable performance
bounds, while additionally exploiting a bi-level index for
pruning and accelerating the search. To diminish the index
space, BLINKS partitions a data graph into blocks: The bi-
level index stores summary information at the block level to
initiate and guide search among blocks, and more detailed
information for each block to accelerate search within
blocks. BLINKS offers orders-of-magnitude performance
improvement over existing approaches.

3. Proposed System
3.1 Keyword Search

A keyword query is processed by mapping keywords to
elements of the database (called keyword elements).

3.2 Triple Table

The data which we used are drawn from data sets which is
prepared from Billion Triple Challenge (BTC).BTC data set
are split into chunks of 10M statements each. Normally, this
chunk of data contains less than 3K RDF triples. This
chunks are converted in RDF triplet form and this triplet
data is shown in triple table ,which specify the subject,object
and property of data.

3.3 Database Table

This table contains all the data which we have taken as in
database for retrieving purpose.
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3.4 Entity Relationship Table

E-R table specifies the mapping of data elements from
database tables. Whenever web users enters the keyword for
searching from database, the mapping with entity
relationship table is done and the most relevant result is
provided.

4. Result

4.1 Keyword Table

Keyword table shows a keyword id which specifies a id of
particular keyword , keyword, type and frequency of its
occurrences in database.
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Keyword Query Routing

Stepl: Keyword Table | Step2: Triple Table | Step3: DS Table |  Stepa: Entity Realation Table |

Keyword Table
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Figure: Keyword Table
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Figure: Triple Table

Triple table shows a subject of particular site ,its object and
its property which its belongs.

4.3 Database Table

It specifies database id, database name and its frequency of
its occurrences in database.

|2 Ds Table

Dsld DsMName Frequency
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Figure: Database Table

Entity-Relationship Table

It specifies entity id,its url showing result,concept id and ds

id.
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Figure: Entity Relationship Table

5. Conclusion

We have presented a solution to the problem of keyword
query routing. Based on modeling the search space as a
multilevel inter-relationship graph, we proposed a model
that groups keyword and element relationships at the level of
sets, and developed a multilevel ranking scheme to
incorporate relevance at different dimensions.
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