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Abstract: This essay discusses how Gen AI technologies could potentially revolutionize the future delivery of evidence-based care. The 

future of healthcare is already here. In accordance with the deployment of various machine learning, RFID, NFC, robotics, computer 

vision, and natural language processing technologies as an innovation agent in all healthcare processes, algorithms make decisions faster, 

more predictable, and less biased. The technologies are profoundly changing the self-analysis and decision-making processes of 

professionals, patients and clients. Gen AI is engaged in the support, promotion and automation of the creation of new medical knowledge, 

analysis of data, recognition of patterns, identification of links, and prediction of measures in a particular clinical situation. Gen AI 

systems use mass data, which is used to improve algorithms, are augmented by them, and are personalised to a specific case, redirects 

attention to a certain number of patients, related to previously unknown locations based on hidden complex relations, suggest suspicious 

circumstances, and produce actionable instructions which may be connected to the digital front-end app, content display, or API for the 

integration of EHR systems. Future work includes wireless enhanced immersive virtual AI-powered access for the creation of 

environments in which life-like human interactions occur for training based on 5G and edge computing, allowing for the creation of 

environments in which sequences of actions have an AI-enhanced effect on the digital and physical sector; impacts on patients, medical 

professionals, business, and population health are taken into account. The objective of the study will be the description, positioning, 

durability, applications, impacts, and reflection on a set of new, future, and sometimes even speculative approaches, methods, and 

solutions in different fields, represented throughout.  
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1. Introduction  
 

In the post-pandemic rebuilding of societies and health-care 

systems, the potential of Generative Artificial Intelligence 

(GenAI) to shift the power balance within medical science 

and clinical practice is analyzed. Internationally, clinical 

guidelines play an almost unchallenged role in the 

organization of evidence-based medical care. Predominantly 

based on explicit, i. e. consciously accessible knowledge, the 

guidelines increasingly determine diagnostic-therapeutic 

standards and interpretability criteria in decision-making 

processes authorized by experts. Their use is credited with an 

improvement to the quality of care and with increasing the 

potential for self-determined patients to understand the 

courses of therapy offered to them.  

 

In practice, however, an array of transdisciplinary health 

science research on guideline-based care reveals that, against 

the requirements made of transparent and reproducible 

knowledge bases, the norm-generating process demonstrates 

numerous methodological problems. Lack of “empirical 

evidence”, partialities, and conflicts of interest can be pointed 

out as significant deficits. In addition, recent process analyses 

show that, in the routine application of guidelines, non-

transparent implicit knowledge as well as the unaccounted-

for quality of competence affect the realization of evidence-

based recommendations.  

 
Figure 1: Generative AI in Healthcare 

 

1.1. Background and Significance 

 

Healthcare is among the several major sectors that have 

integrated artificial intelligence (AI) into their service 

systems to provide better and faster solutions. The healthcare 

sector is evolving progressively, with ongoing upgrades seen 

over the years. The start of clinical guidelines publication in 

1990 has made healthcare progress even quicker. The clinical 

guideline itself is a recommendation of an evidence-based 

medical practice document. It is designed to uphold courteous 

management and resource use for specific clinical 

circumstances. Nevertheless, clinicians do not regularly 

follow clinical guideline advice in the healthcare delivery 

system due to heterogeneous clinical guidelines, up to date 

guidelines deficits, and the clinician’s heavy workload. The 

development and incorporation of Gen AI technology into 

clinical guidelines are anticipated to relieve these current 

drawbacks of the healthcare delivery system and to bolster 

medical decision-making. Through the above discussion and 
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examinations of the delivery of healthcare systems in 

different countries, there appears to be a need to thoroughly 

innovate healthcare delivery systems to bolster the obligatory 

welfare with the augmentation of a technology-based 

healthcare delivery system. The clinical guideline signifies 

one method of caring for more efficient patients, and experts 

in evidence-based medicine have developed them to conform 

to good medical practice. Nonetheless, clinical guidelines 

advances are not a paradigm for clinical practitioners. These 

are reasons why GenAI will ascertain the following questions 

in terms of the integrative clinical guideline development.  

 

Equ 1: Guideline Conformance Scoring 

 
 

2. Artificial Intelligence in Healthcare 
 

AI technologies are revolutionizing healthcare paradigms. 

With machine learning, natural language processing, and 

predictive analytics enabling data processing on a massive 

scale, a cognitive revolution in medicine is underway. AI 

systems are set to augment curative capacity at unprecedented 

rates, transforming existing practice in numerous fields from 

the creation of individualized treatment plans by harnessing 

a number of relevant parameters to the design of novel 

research paths.  

 

Following the conception of modern AI, researchers began 

drawing the blueprint for the development of learning 

algorithms. Since the early neural network experiments, 

numerous AI models have been conceived and tested on the 

healthcare domain. At the time of writing, a model named 

Gen is under construction and testing. Gen will develop a 

comprehensive ecosystem designed for the publication and 

application of AI-powered clinical guidelines. In spite of the 

tremendous growth and development, concerns have been 

raised about the future role of medical professionals and 

healthcare institutions in a nearly fully automated ecosystem. 

A discussion and unprecedented research and development 

effort across several domains are certainly needed to 

accompany AI’s beneficial and disruptive potential in 

healthcare.  

 

The dawn of Artificial Intelligence (AI) is often thought of in 

healthcare as the introduction of machine learning, 

particularly in the context of predictive analytics and risk 

stratification. A growing body of the literature attests to 

improvement in predefined outcomes when machine learning 

methods are employed within hospital systems. As the global 

stock of data and computers continues to increase, the 

applications of machine learning in healthcare shall increase 

exponentially, just as has been observed in domains such as 

speech and vision recognition. Recent advances in deep 

learning promise the automation of labor-intensive and 

cognitively demanding tasks, such as the integration of vast 

amounts of diverse evidence sources and the continuous real-

time analysis of text-based updates. With their digital and 

maybe even quantifiable nature, the electronic health records 

present a unique opportunity for the wide-scale application of 

natural language processing, opening the doors for a new era 

of theoretically robust and clinically useful machine reading. 

Machine learning-based predictive analytics would transform 

the very theoretical foundation of evidenced-based medicine, 

which has been still synonymous with randomized controlled 

trials, by creating models capable of integrating and 

weighting more data than any human mind or statistician 

could handle. Readily available predictions could enable the 

development of sophisticated decision-making algorithms 

that optimize a variety of cost and outcomes-based 

objectives. No longer would healthcare personnel need to sift 

through the ever-expanding number of systematic reviews 

and guidelines; rather, the guidelines could be deterministic 

by assigned value functions.  

 

 
Figure 2: AI in healthcare 

 

2.1 Overview of AI in Healthcare 

 

This section aims to give an expansion from the displayed 

overview, providing more specific examples and applications 

of AI technologies in healthcare. The most common AI 

technologies are then presented broadly, while various 

machine learning algorithms are examined in focused detail. 

Furthermore, clinical practice introduces new contexts 

requiring the development of innovative AI-driven tools. 

Some of the most promising applications of AI to guidelines 

are routing on decision trees, predicting guideline 

concordance of clinical actions, and generating questions 

about progress.  

 

 
Figure: Generative AI in Healthcare: Industry Impact 
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3. Clinical Guidelines in Healthcare 
 

Healthcare is increasingly becoming reliant on the use of 

well-defined clinical guidelines to provide care that follows 

best clinical practices. Clinical guidelines are a set of 

recommendations aimed at standardizing patient care. 

Clinical guidelines encompass practical patient care 

directives and therapeutic approaches framed by treatment 

evidence and expert consensus. The procedures typically 

detail the trajectory of a disease’s progression and the actions 

to be taken when diagnosing or treating it. As a result, patient 

outcomes may be enhanced, as well as the appropriateness of 

medical practices. By offering decision support to medical 

professionals, guidelines allow for a higher functioning 

practice environment and an increase in patient safety. They 

are particularly crucial in addressing diseases without 

conventional treatment. Given that the spread of drug-

resistant bacteria is increasing and the failing efficacy of 

certain classes of antibiotics, it is crucial to adhere to practice 

guidelines when treating such an illness. If sufficient 

attention is given to the basis of treatment recommendations, 

an acceptable standard of care can be provided, which will 

contribute to a decrease in the mortality rate.  

 

Clinical guidelines are complicated documents that are 

intended to be used by numerous parties in collaboration. 

Since the collaborative effort that contributes to guideline 

development involves a blend of evidence-based clinical 

practitioners, medical academia, and regulatory bodies, 

creating an equilibrium is quite complex. Medical academia 

and objectives typically endorse professional guidelines 

framed by a consensus approach even when the clinical study 

literature is not extensive. In comparison, the issue of 

evidence-based clinical practice support is based on 

guidelines designed primarily through the integration of the 

most recent data and widespread research. The effort to reach 

a consensus can result in insufficiently comprehensive 

guidelines. The most current data are reasoned out but 

expected changes will be applied during the 5-year cycle 

adjusting the parameters as new data appears. Owing to the 

rapid developments in the medical field, it is essential that 

every new piece of information be thoroughly analyzed and 

assimilated into guidelines.  

 
Figure 3: AI in Clinical Trials 

 

3.1 Definition and Importance 

 

Clinical guidelines, comprising evidence-based 

recommendations for patient care services, represent the 

framework within which clinicians are able to make informed 

decisions in considering the best approach for the care of a 

patient under specific clinical circumstances. The 

overarching rationale for their existence is to aid the clinician, 

patient, and policy maker in taking into account the best 

evidence currently available to select appropriate venous 

preventive and therapeutic management strategies for 

improving the likelihood for various outcomes expected for 

the patient, taking into account the risk profile of the patient, 

the preference and concordance/compliance adherence of the 

patient to care. The importance and significance of guidelines 

should not be underestimated as they influence practices and 

ensure that health care is on track. Instead of being seen as a 

straightjacket, guidelines should be viewed as serving to 

minimize unwarranted variations in practice and provide a 

platform to develop better informed health policy. It is well 

recognized that adherence to guidelines is more likely to lead 

to effective and evidence-based care. Guidelines have an 

influence on professional behavior by interacting with health 

care policies and can shape the practice of health care. For 

patients, guidelines can provide a source of information that 

they can use to judge the treatment they are receiving. This 

makes it all the more important that guidelines should be 

trustworthy and can be critically appraised for the quality of 

the evidence base.  

 

Equ 2: Treatment Outcome Prediction (Personalized 

Medicine)  

 
 

4. Gen AI-Powered Clinical Guidelines 
 

Patients often arrive at their physicians’ offices with a plan 

they believe will guide their care. Much of the time, this plan 

involves a treatment or course of action that they have read 

about online. Frequently, those recommendations come from 

clinical guidelines. When healthcare professionals wish to 

provide evidence-based care, they turn to these guidelines. 

Recently, artificial intelligence has begun to revolutionize 

how these guidelines are created and used. Gen AI-Powered 

Clinical Guidelines are emerging clinical recommendations 

the creation or application of which is enhanced by artificial 

intelligence. At the most fundamental level, they are 

developed to be transferable and computable through a 

combination of natural language processing, information 

storage, data analytics, and machine learning algorithms. By 

analyzing and synthesizing data in ways that human readers 

simply cannot, these guidelines promise to improve the 

accuracy, efficiency, and individualization of care delivery. 

Transformation will be brought to traditional guideline 

structures, allowing for aggregate, real-time analytics, or 

rendering them as analytic outputs or embedded decision 

support. There is a collaborative process for their 

development with robust intellectual property rights yet to be 

tested. Ultimately, a wider adoption of these guidelines by all 

concerned stakeholders stands to reduce unnecessary 

workload among care providers and standardize practices to 

ensure patients receive the best care possible. Gen AI-

powered clinical guidelines are revolutionizing the way 

healthcare professionals create and apply treatment 

recommendations. By leveraging artificial intelligence, 

particularly natural language processing, data analytics, and 

machine learning, these guidelines enable a more efficient, 

accurate, and individualized approach to patient care. Unlike 
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traditional guidelines, which are static and typically 

developed by expert panels, AI-enhanced guidelines can 

process vast amounts of data in real time, offering dynamic, 

evidence-based recommendations tailored to each patient’s 

unique situation. This transformation not only enhances the 

quality of care by improving decision-making, but also helps 

reduce unnecessary workloads for healthcare providers, 

streamlining clinical workflows. As these AI-driven 

guidelines gain wider adoption, they promise to standardize 

best practices, ensuring that patients consistently receive 

optimal care while enabling a more collaborative 

development process. However, challenges regarding 

intellectual property and the ethical implications of AI in 

healthcare must still be addressed.  

 

 
Figure 4: Gen AI-Powered Clinical Guidelines 

 

4.1 Definition and Components 

 

Gen AI-Powered Clinical Guidelines (Gen AI-CG) represent 

a new category of clinical guidelines that is driven by 

artificial intelligence and related technologies. Clinical 

guidelines are instrumental documents in healthcare 

providing recommendations to healthcare professionals. 

Developed through evidence-based medical practice, 

traditional clinical guidelines have faced various issues 

including rapid growth of medical knowledge, timeliness, 

and reliability of evidence materials, lag between the 

publication dates of the evidence and guidelines, vagueness 

and ambiguity of some recommendations, costliness of 

regular updates, and updates related to significant medical 

research results taking a significantly longer time. Traditional 

clinical guidelines have overlooked some determinants 

affecting healthcare delivery processes due to their siloed 

nature, and thus may not provide precise recommendations 

for a patient. Gen AI-CGs are distinct from traditional CGs 

with respect to the driving background, particular 

technological components and their integration into CG 

processes, and their potential applications in healthcare.  

 

While knowledge-based decision support such as traditional 

clinical guidelines has been instrumental in healthcare 

practice, the growing volume of medical data and rapid 

expansion of data science and artificial intelligence (AI) add 

advanced value, complexity and conventionality to the 

generation of clinical guidelines. Clinical guidelines 

incorporating AI technology can be named AI-CGs, and there 

are several different kinds based on the particular model of 

AI technology exploited.  

 

For developing and maintaining trained predictive models, 

several components are instrumental: selection and 

capabilities of predictive modeling, criticality of the training 

dataset and datasets integrated in the predictive model 

evaluation, the validation process and results of the machine 

learning models integrated in CGs, and the human–AI 

interaction in trained predictive models for CGs. The 

knowledge bases used for developing the predictive models 

are highly impactful to CGs, and generated models should be 

made available for all knowledge base entities to ensure task 

performance. It is indispensable to validate the taken AI 

working model on the AI-CGs, the final result of the 

development process. The cornerstone of AI-CGs is the 

training process, verifying that the trained models give more 

successful performance than the baseline, and it is also 

fundamental to guarantee that the training data is reliable and 

high-quality. It is critical to periodically retrain the models 

with larger data and newer data using the updated analytic 

setup in order for the model’s output to be more accurate. To 

further increase the precision and fairness of AI-driven 

healthcare decisions and better adoption in practice, it is 

necessary to examine how healthcare workers consume 

knowledge from AI systems and should solicit feedback from 

all participants using the best practices to achieve a safe and 

accountable decision-making process, taking care of all 

subsystem activities.  

 
Figure: AI in Clinical Trials 

 

5. Benefits and Challenges of AI-Powered 

Clinical Guidelines 
 

Healthcare systems worldwide are imploring healthcare 

professionals to assimilate guidelines and protocols of 

progressively escalating intricacy and sophistication. These 

systems are securely grounded in evidence-based research. 

Nevertheless, putting clinical guidelines and protocols into 

practice is a convoluted task that often leads to deviations or 

omissions that result in patient harm. In light of these 

developments there is substantial excitement about the 

coming of what are referred to as 'Gen AI-powered Clinical 

Guidelines' – Clinical Guidelines generated, personalized and 

conveyed to clinicians through the use of AI technologies. 

However, ambiguity prevails – with conflicting accounts 

about the potential benefits of automating clinical guidelines, 

as well as the potential challenges of doing so. Firstly, there 

are those who are excited about the potential benefits of Gen 

AI-powered Clinical Guidelines. Clinical decisions will be 

facilitated through nurturing AI technologies that can 
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automate the presentation of medical information to the 

clinician. For instance, AI-powered guidelines will be able to 

interrogate Electronic Health Records and other data sources, 

(re) structure current information on the patient's medical 

conditions, and provide this intelligence at the point of care. 

When combined with information about prior test results and 

treatment responses, AI-powered guidelines will enhance the 

accuracy of the clinician's diagnosis. Furthermore, AI 

technologies can use machine learning methods to 

derive/predict optimal treatment plans, thus effectively 

personalizing medical guidelines, not only to the condition of 

the patient, but also to their particular subpopulation 

characterized by their genetic/molecular/whatever else ‘-

omic’ properties that have been discovered to be related to 

their diseases or treatment outcomes. Recent estimates 

suggest that 80% of all the data in the world have been 

generated in only the last few years, creating the perfect 

environment for the utilization of machine learning 

techniques to generate meaningful insights. Clinical decision-

making could thus be enhanced through AI taking advantage 

of the data and other technologies that are available, and 

which will not humanly be possible. All these 

accomplishments imply that the utilization of Gen AI-

powered Clinical Guidelines may facilitate more precise and 

more timely decisions, rule out the possibility of human error 

in reading best practices, and optimize the use of resources in 

healthcare systems, eventually leading to better patient 

outcomes.  

 

 
Figure 5: Challenges 

 

5.1 Improving Efficiency and Accuracy 

 

Healthcare delivery is rapidly transforming with advances in 

computational medicine. There are initiatives for the creation 

and adoption of “Gen AI-Powered Clinical Guidelines, ” 

which are defined as clinical guidelines created, or 

substantively augmented, with artificial intelligence (AI) 

technologies. The hopeful outcome is the enhanced accuracy 

of medical decisions, considering the current state of the art 

in what has been done, and the promise for what may yet 

come. While AI has seen tremendous success and growth, 

there is much yet for it to do before one can say this 

transformative tool has seen to fruition the recognition it has 

garnered. Moreover, it remains the skills and expertise of 

humans that design AI solutions and integrate this technology 

into processes of patient care.  

 

First, a more efficient and accurate healthcare delivery is 

where AI shines brightest. Mundane aspects of any clinical 

task, including patient intake, billing, and scheduling, can be 

automated with relative ease. Machine learning algorithms 

are routinely used in clinics to aid doctors in their diagnosis 

or to streamline the often overwhelming amount of medical 

papers a clinician must stay current with. A number of further 

mechanisms are at play in these and other examples of AI 

streamlining a clinical workflow. Moreover, scheduling 

appropriate follow-up and examinations for a patient can be 

intelligently automated, ensuring a patient’s care plan adheres 

more closely to the clinical guideline and enables them to 

receive necessary procedures in a timely manner. While 

possibly hyperbolic, these are a few examples outlining the 

acute benefits of AI when the correct models are trained and 

integrated into a physician’s workflow. There are many 

studies that empirically show the tangible benefits of AI in 

this space with regards to a more rapid diagnosis, a care plan 

individualized to a patient, and administered treatments more 

likely to adhere to guidelines. Importantly, again, the use of 

AI often greatly reduces the administrative and mental burden 

placed on a healthcare professional, freeing their attention 

and time to better care for a patient. provides a compelling 

call to action and there is an increased likelihood that AI will 

power this transformation toward a more efficient and 

evidence-based healthcare delivery and, as a result, sees 

improved health outcomes of a patient.  

 

Equ 3: Cost-Effectiveness Evaluation 

 
 

6. Future Directions and Ethical 

Considerations 
 

AI technology is constantly improving, not least with ever-

growing amounts of data feeding machine learning. Big data 

combined with the fusillade of gen AI applications show the 

seeds of automation that could rapidly grow a new landscape 

for evidence-based care. Here are some challenges, 

opportunities, and potential ways forward in the realization 

of AI-Powered Clinical Guidelines. Artificial Intelligence is 

already capable of creating medical guidelines as good as 

those made by expert panels, and in a fraction of the time. 

From the inclusion and exclusion criteria that drives them, to 

the way outcomes are measured and results reported, Clinical 

Guidelines in their current form could easily be automated 

and be greatly more efficient if they were. To explore 

opportunities beyond their current state, a model simulating 

its integration into the processes that create Clinical 

Guidelines was built. This allows the exploration of how this 

or newer forms of AI could be made to interact with this 

ecosystem, potentially facilitating more rapid and careful 

construction, or highlighting where such an integration may 

not be best. It is just one instantiation, an example to seed 

greater analysis and discussion in the community about how 

such powerful tools are best integrated. The rapid evolution 

of Artificial Intelligence applications across a range of 

industries and AI biotech research have the potential to 

greatly benefit health and wellbeing and catalyze social and 

economic development in even the poorest countries. It is 

time to ensure AI is not only used safely and effectively in 

these settings but also has its unique strengths optimized for 

equitable impact. AI and health are both hot topics 

individually. Currently, there are major strengths, 

weaknesses, opportunities, and threats discussed by both 

partners when it comes to using AI in healthcare settings.  
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6.1 Ensuring Patient Privacy and Data Security 

 

Patient privacy and data security are critical concerns across 

the increasing AI healthcare systems and their technologies. 

Healthcare technology vendors need to convince clinical 

providers about the capabilities and benefits of their AI 

solutions. But the importance of handling sensitive health 

information with care cannot be overemphasized. Ensuring it 

safeguards patients’ interests while advancing the state of the 

art. Concerns around data privacy, cybersecurity, and the 

potential consequences of data breaches have plagued 

healthcare providers ever since medical records became 

digital. Recent high-profile cases underscore the scope and 

impact of these risks. Health systems that suffer data breaches 

will have to rebuild patients’ trust. This work will showcase 

ways that health systems can, maybe inadvertently, lose 

unauthorized access to patient data. Looking forward to past 

critique, it will also survey best practices concerning how 

(not) to store and handle PHI data with randomized controlled 

experiments, following on prior work in the public health 

literature regarding how pesticide exposure discourse used as 

a case study and lessons learned regarding working with 

sensitive data. There also promises to be a discussion 

regarding the limitations of the writing to include missing 

data and the under-reporting of participant count. 

Transparency will also become an even more pressing 

concern as AI technologies grow more powerful and 

complex. Since providing explanations of AI processes is 

hard by nature, HCPs are expected to trust the solutions they 

use; if they cannot understand the logic behind the 

recommendations they are given, human-AI trust will erode. 

For ML algorithms to make recommendations backed up by 

strong evidence, their working also needs to be transparent to 

the system’s end users. A mechanism is thus required for 

surfacing this information within the clinical workflow. 

Cross-validation scores on the output of candidate selection 

and risk stratification algorithms can serve as a proxy for 

confidence in the AI systems’ recommendations. To 

guarantee patient safety, medical centers can decide to 

consider only highest-confidence recommendations.  

 

7. Conclusion 
 

Gen AI holds promise to revolutionize health care, 

envisaging a future in which such services are personalized, 

efficient, and equitable. This vision embraces a symbiotic 

relationship between technology and human touch. It hinges 

on the responsible adoption of AI systems as both 

complements to and extensions of providers of care. There is 

also a vision of a future in which regulatory frameworks 

ensure the ethical use of AI systems, assuring these 

revolutionary services are also respectful of established 

norms and principles of providing care. In such a future, the 

impacts of AI on human lives could be profoundly beneficial.  

For generations, AI, as a tool, has contributed to improving 

human lives in only the last few years. Utilizing AI models 

has largely been regarded as out of the realm of possibility. 

With the rise of generative (Gen AI) alongside interpretative 

and perception AI, there is an opportunity to rethink previous 

skepticism regarding AI. Gen AI has transformative potential 

given its capacity to engage in diverse language with levels 

of complexity often beyond the reach of the current 

generation AI. In health care, systems of Gen AI generate a 

new understanding of care needs that, in turn, provide 

diversified treatment options aligned with specific patient 

needs. To be sure, the future paved by Gen AI will not be a 

solitary one, but rather, will coalesce with existing and future 

systems of AI.  

 

8. Future Trends 
 

The development of Advanced Industrialization: Practices 

for Clinical Guidelines may reverse these challenges by 

providing an extra cost-and time-effective way to maintain 

these guidelines updated, facilitating the guideline 

development process, and enabling the continuous generation 

of guidelines that are tailor-fitted to the patient’s individual 

characteristics and clinical status through the use of EHR 

Extracted Factors and ML techniques. The integration of 

these systems within EHRs would streamline the use of 

protocols at the point of care by providing dynamic 

generation of data-driven guidelines that are constantly 

adapted, considering the high-quality evidence-matched 

recommendations that effectively reduce variability in 

clinical practice. By connecting clinical decision support 

systems and EHRs for the generation, visualization, and 

recommendation of AI-based guidelines, it becomes possible 

to unleash the latest breakthroughs of ML for evidence-based 

medicine. Moreover, the guidelines can be safely improved 

by exposing to the user the rationale for the AI-generated 

recommendations.  

 

Though a higher level of clinician trust in the reliability and 

safety of the system, along with the integration with the 

clinic’s EHR systems, are needed, the potential benefits of 

these systems are significant given the amount of data 

generated each year, likely to only increase with prestige. The 

development and integration of these systems into clinical 

workflows is an opportunity to maximize the impact of such 

valuable data from patients, and effectively reduce costs for 

chronic diseases management. As such, the objective of 

developing such a system is of high priority for the healthcare 

industry, paving the way for streamlined protocol 

development driven by trending current medical data of 

specific conditions of patients.  
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