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Abstract: Tsunamis are immensely powerful natural hazards capable of devastating coastal areas and are primarily triggered by 

underwater earthquakes, volcanic eruptions, or landslides. The ability to predict tsunami wave heights accurately is essential for effective 

early warning systems and disaster risk mitigation strategies. This research introduces a tsunami prediction model based on neural 

networks, incorporating critical inputs like earthquake magnitude, depth, distance from the coastline, and ocean floor slope. Our model 

demonstrates a high positive correlation, with an R-value of 0.9214, highlighting its capability to capture complex relationships within 

seismic and oceanographic data. This study’s findings underscore the model’s potential to improve the precision of tsunami early warning 

systems, offering a valuable tool for enhancing preparedness and response measures.  
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1. Introduction  
 

Tsunamis, among the most destructive natural disasters, have 

significant impacts on life and infrastructure, particularly in 

coastal regions. These waves, generated mainly by tectonic 

activities such as underwater earthquakes, are capable of 

traveling thousands of kilometers from their origin and still 

causing extensive destruction. Tsunamis are formed by 

oceanic disturbances from tectonic or seismic activity with 

sufficient force, including earthquakes, volcanic eruptions, 

and sometimes meteor impacts. A tsunami's velocity reduces 

as it approaches a coastline, while its wavelength extends due 

to the ocean floor's effect, resulting in a steep wave formation 

that can inundate coastal areas.  

 

Predicting such natural calamities has historically been 

challenging, but advancements in machine learning and 

artificial intelligence have opened new avenues to improve 

predictive capacities. Current algorithms often struggle to 

capture the interplay between the various factors that 

contribute to a tsunami. This study aims to fill that gap by 

leveraging neural networks, which have shown significant 

promise in interpreting complex patterns within large datasets 

for tsunami prediction. By examining critical parameters such 

as earthquake magnitude, depth, distance to shore, and ocean 

floor characteristics, our model demonstrates the potential to 

contribute effectively to tsunami early warning systems.  

 

2. Analysis of Tsunami Occurrence and Causes  
 

Tsunamis are high-energy waves typically triggered by 

sudden ground movements such as submarine earthquakes, 

volcanic eruptions, landslides, or, in rare cases, meteor 

impacts. These massive waves propagate outward in all 

directions from their point of origin, increasing in amplitude 

as they approach shallow coastal areas due to the shoaling 

effect. The frequency of devastating tsunamis has risen in 

recent decades, bringing increased awareness and demand for 

effective early warning systems. Notably, underwater 

earthquakes are among the most common and severe triggers, 

generating waves that can cross entire ocean basins, 

impacting distant coastlines with minimal loss of energy.  

 

For instance, the 2018 earthquake on the Minahasa Peninsula 

in Indonesia, with a magnitude of 7.5, led to a deadly tsunami 

reaching wave heights of 7–15 meters, causing extensive 

destruction and claiming approximately 4,300 lives. The 

rapid onset and unpredictability of earthquakes make it 

challenging to anticipate and respond to tsunamis effectively. 

Earthquakes occurring beneath the ocean’s surface displace 

large volumes of water, resulting in powerful waves that can 

reach distant coastlines hours after the initial seismic event. 

These waves have the capacity to disrupt ecosystems and 

cause severe infrastructural damage.  

 

Adding to the complexity is the phenomenon of sea level rise, 

which compounds the potential impact of tsunamis. With 

approximately 60% of the global population residing in 

coastal areas, rising sea levels increase the risk and extent of 

tsunami-related flooding. Climate change has led to a notable 

rise in global sea levels, which exacerbates the likelihood of 

flooding in low-lying coastal regions, particularly during 

extreme weather events. The combination of increasing sea 

levels, population growth in coastal zones, and the 

unpredictability of seismic activity highlights the urgent need 

for predictive models that can provide accurate early 

warnings.  

 

A well-designed prediction model for tsunamis could 

potentially enable authorities to execute timely evacuations 

and implement other preventive measures, significantly 

reducing casualties and damage. Current seismic warning 

systems offer initial alerts by detecting primary seismic waves 

(P-waves), which travel faster than the more destructive 

secondary waves (S-waves) that typically follow. This 

detection method provides valuable seconds to minutes of 

advanced warning but does not adequately address the 

tsunami risk associated with subsequent underwater 

earthquakes or the varying impact on different coastal 

regions. Comprehensive models that integrate both seismic 

and oceanographic data provide a more accurate 
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understanding of tsunami likelihood, enabling targeted 

warnings that are both timely and specific to the affected 

areas.  

 

 

3. Design of Tsunami Prediction System  
 

The primary objective of the proposed tsunami prediction 

system is to accurately forecast the characteristics of a 

potential tsunami, such as wave height and arrival time, using 

data collected from seismic events. This system utilizes a 

machine learning framework with multiple models, each 

selected for its ability to analyze specific aspects of seismic 

and oceanographic data. Factors considered include 

earthquake magnitude, depth, distance from the epicenter to 

the shore, and the ocean floor’s topography. Each model has 

its own advantages and limitations, and the final selection was 

based on a combination of performance metrics and 

adaptability to the complex relationships present in tsunami 

prediction.  

1) Linear Regression provides a simple approach, 

modeling the linear relationship between seismic data 

(e.g., earthquake magnitude, depth) and tsunami wave 

height. It is computationally efficient, making it suitable 

for quick preliminary analyses. However, real-world 

interactions between seismic events and tsunami 

formation are rarely linear, limiting the model's ability to 

capture the true complexity of tsunami dynamics. While 

linear regression offers insight into general trends, it is 

less capable of handling the detailed, nonlinear patterns 

required for accurate tsunami forecasting.  

2) Decision Trees partition data based on input feature 

values, allowing the model to make decisions at each 

branching point. For example, the model can analyze 

whether an earthquake's magnitude surpasses a certain 

threshold, leading to different predictive outcomes. This 

approach handles both linear and nonlinear relationships 

effectively and is highly interpretable, as each decision 

path can be traced. Decision trees, however, tend to 

overfit with smaller datasets, capturing noise rather than 

the general trends in data, which can result in inaccurate 

predictions on new, unseen data.  

3) Support Vector Machines (SVM) classify data by 

finding the optimal boundary that separates data points 

into different categories. SVMs are particularly effective 

for handling high-dimensional, complex datasets, 

making them suitable for tsunami prediction tasks that 

require distinguishing between events likely to produce 

tsunamis and those unlikely to do so. However, training 

an SVM model is computationally intensive, especially 

with large datasets, and may require specialized 

hardware or extensive training time, which can be a 

limitation in real-time applications.  

4) k-Nearest Neighbors (k-NN) is a straightforward 

algorithm that forecasts outcomes based on the similarity 

of new input data to existing data points in the training 

set. It assumes that earthquakes with similar 

characteristics are likely to produce similar tsunami 

effects. This model is advantageous due to its simplicity 

and flexibility, as it does not rely on linear or nonlinear 

assumptions. Nevertheless, k-NN is computationally 

expensive for large datasets, as it requires a comparison 

with every point in the dataset and is also susceptible to 

noisy data, which can lead to less accurate predictions.  

5) Neural Networks offer the most advanced approach, 

designed to mimic the human brain’s ability to recognize 

patterns. They are highly effective at capturing complex, 

nonlinear relationships, making them ideal for tsunami 

prediction where multiple factors interact in intricate 

ways. Neural networks excel at processing large datasets, 

and through extensive training, they can accurately learn 

to map inputs (e.g., seismic and oceanographic features) 

to outputs (e.g., wave height, travel time). Their 

flexibility and capacity to learn complex relationships 

make them particularly suited for the predictive 

requirements of tsunami forecasting. However, neural 

networks require substantial data and computational 

resources to avoid issues such as overfitting and 

underfitting, which can affect model performance.  

 

This study’s neural network model was trained using 

extensive seismic and oceanographic data, enabling it to 

evaluate the potential for tsunami occurrence based on 

specific earthquake characteristics. By analyzing earthquake 

magnitude and other critical inputs, the system identifies 

potential tsunami events and triggers an early warning if 

thresholds are exceeded. Alerts, disseminated through Short 

Message Service (SMS), allow for immediate notification to 

authorities and the public, facilitating timely evacuations and 

other necessary responses.  

 

4. Results and Analysis  
 

The neural network-based tsunami prediction model 

demonstrated strong predictive capability, achieving an R-

value of 0.9214. This high correlation coefficient indicates a 

substantial alignment between predicted and observed wave 

heights, showcasing the model’s accuracy in identifying the 

complex relationship between input features and resulting 

tsunami wave characteristics. Regression analysis further 

supported the model’s reliability, as the predicted wave 

heights closely matched the actual data, with minimal 

variance.  

 

The regression analysis process involved several stages of 

model training and evaluation, with improvements in 

accuracy achieved through iterative optimization. Initially, a 

basic neural network structure was employed, and as data was 

processed, adjustments were made to increase the model’s 

robustness. The addition of hidden layers and adjustments to 

training epochs led to incremental improvements, which 

cumulatively enhanced the model's predictive power. By 

incorporating these enhancements, the model achieved its 

final high R-value, demonstrating its ability to provide 

accurate, reliable tsunami forecasts.  
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Although the model’s R-value indicates strong predictive 

power, there is potential for further improvement. The 

incorporation of additional hidden layers, more training data, 

and advanced cross-validation techniques could yield even 

greater accuracy. In particular, expanding the model to 

include real-world data on recent seismic events and tsunami 

outcomes would help calibrate its predictions, making it more 

adaptable to varying geological and oceanographic 

conditions. Additionally, experimenting with alternative 

neural network architectures, such as recurrent neural 

networks (RNNs) or long short-term memory (LSTM) 

networks, could provide a means to capture time-dependent 

relationships, further enhancing prediction accuracy.  

 

The model's success demonstrates the viability of neural 

networks in tsunami prediction applications. The strong R-

value and alignment with observed data suggest that the 

neural network model can serve as a reliable tool within early 

warning systems, enabling authorities to make informed 

decisions and implement timely response measures. Future 

work will focus on refining the model through real-world 

testing and incorporating additional data sources to optimize 

its application within disaster preparedness frameworks.  

 

5. Conclusion  
 

Our neural network model for tsunami prediction 

demonstrates a highly accurate approach to wave height 

estimation, achieving an R-value of 0.9214, signifying a 

reliable relationship between seismic factors and resulting 

wave heights. The strong performance of the model 

underscores the potential of machine learning to enhance 

tsunami early warning systems, supporting governments and 

disaster response agencies in implementing timely 

evacuations and other preventive measures.  

 

The neural network’s predictive strength makes it an 

invaluable tool for future tsunami warning systems, 

especially when combined with real-time seismic data. Future 

developments could involve more sophisticated network 

architectures, such as recurrent neural networks (RNNs) or 

long short-term memory (LSTM) models, which can capture 

temporal patterns in seismic data. This evolution in tsunami 

prediction technology represents a critical advancement in 

disaster preparedness, potentially saving lives and 

minimizing damage in coastal regions at risk of tsunami 

impact.  

 

In summary, the study confirms the efficacy of machine 

learning, particularly neural networks, in the domain of 

tsunami prediction, showcasing the significant role that 

advanced models can play in forecasting and mitigating 

natural disasters. The integration of such predictive systems 

into real-world applications could transform disaster response 

strategies and elevate the level of preparedness for coastal 

communities worldwide.  
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