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Abstract: In the realm of e - commerce, establishing a trusted user base is paramount for fostering a secure and reliable marketplace. 

This paper delves into the creation and application of trusted user scores, akin to credit scores, which incentivize positive user behavior 

and motivate the broader user community. We explore the critical importance of such scores, highlighting their role in enhancing user 

engagement and trust. Our research investigates various data signals employed to construct these trustworthiness metrics and outlines 

robust methodologies for their development. We further examine the application of trusted user scores across different scenarios, focusing 

on the balance between recall and precision. By implementing these scores, e - commerce platforms can more effectively identify and 

reward reliable users, ultimately driving a virtuous cycle of trust and participation. The findings underscore the potential for trusted user 

scores to transform user experiences and marketplace dynamics, offering valuable insights for practitioners and researchers alike.  
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1. Introduction 
 

In the dynamic landscape of e - commerce, building and 

maintaining trust is a cornerstone for successful transactions 

and long - term user engagement. Trusted user scores have 

emerged as a pivotal tool in this endeavor, analogous to credit 

scores in the financial industry. These scores serve as a 

quantifiable measure of a user's reliability and 

trustworthiness, incentivizing positive behavior and 

motivating others to follow suit. By fostering a community of 

dependable users, e - commerce platforms can enhance 

overall user experience, mitigate risks, and drive sustainable 

growth.  

 

The concept of trusted user scores is grounded in the 

collection and analysis of diverse data signals. These signals 

encompass various aspects of user behavior, such as purchase 

history, return rates, review authenticity, and timely payment 

records. By aggregating and analyzing these data points, e - 

commerce platforms can develop a comprehensive profile of 

each user’s trustworthiness. This data - driven approach not 

only ensures accuracy but also allows for dynamic 

adjustments as users interact with the platform over time.  

 

Developing a robust methodology for calculating trusted user 

scores is critical for their effectiveness. It involves leveraging 

advanced analytical techniques, including machine learning 

algorithms, to weigh different data signals and generate a 

holistic score. These methodologies must be transparent and 

fair, providing users with clear guidelines on how their 

actions impact their scores. Additionally, the scoring system 

should be resilient to manipulation and capable of 

distinguishing between genuine and fraudulent behavior.  

 

The application of trusted user scores extends across various 

facets of e - commerce operations. For instance, they can be 

used to personalize user experiences, offering tailored 

promotions and recommendations to high - scoring users. In 

risk management, these scores help identify and mitigate 

potential threats by flagging users with declining trust 

metrics. Furthermore, trusted user scores can play a crucial 

role in dispute resolution, providing an objective basis for 

mediating conflicts between buyers and sellers.  

 

Balancing recall and precision is a significant challenge in the 

implementation of trusted user scores. High recall ensures 

that most trustworthy users are correctly identified, while 

high precision minimizes the inclusion of unreliable users. 

Striking the right balance is essential to maintain user 

confidence in the scoring system and to prevent inadvertent 

biases that could undermine its credibility. Ongoing 

calibration and feedback mechanisms are vital to refining the 

scoring model and adapting to evolving user behaviors.  

 

 
Figure 1: Trusted User Score Applications 

 

In conclusion, trusted user scores represent a transformative 

approach to enhancing trust and reliability in e - commerce 

platforms. By leveraging sophisticated data analytics and 

maintaining a user - centric focus, these scores can drive 

positive user behavior and create a safer, more engaging 

online marketplace. This paper explores the methodologies, 

data signals, and applications of trusted user scores, offering 
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insights into their potential to revolutionize e - commerce 

trust dynamics.  

 

2. Literature Review 
 

The concept of trust in online marketplaces has been 

extensively studied, with early work emphasizing the role of 

reputation systems. Resnick et al. (2000) pioneered the 

exploration of reputation mechanisms, highlighting their 

effectiveness in fostering trust among strangers in online 

transactions. Their findings underscore the importance of 

reliable reputation systems in reducing information 

asymmetry and enhancing user confidence in e - commerce 

platforms. Building on this foundation, subsequent research 

has delved into the nuances of trust metrics, exploring various 

dimensions such as feedback quality, rating systems, and trust 

transference across different contexts (Resnick et al., 2000).  

 

Recent advancements in data science and machine learning 

have paved the way for more sophisticated trustworthiness 

metrics. Mukherjee et al. (2013) introduced algorithms for 

detecting fake reviews, a critical aspect of maintaining trust 

in user - generated content. Their work demonstrates the 

potential of leveraging machine learning to identify and 

mitigate fraudulent behavior, thereby enhancing the 

reliability of trust scores. Similarly, Jøsang et al. (2007) 

developed models for subjective logic, providing a 

framework for aggregating diverse trust signals into a 

coherent score. These methodologies offer robust tools for 

developing comprehensive and dynamic trust metrics tailored 

to the specific needs of e - commerce platforms (Mukherjee 

et al., 2013; Jøsang et al., 2007).  

 

The practical application of trust scores in e - commerce has 

been explored in various studies. Pavlou and Gefen (2004) 

investigated the impact of trust on e - commerce adoption, 

revealing that higher trust levels significantly influence user 

willingness to engage in online transactions. Their research 

highlights the potential of trust scores to drive user 

participation and loyalty. Further, Ba and Pavlou (2002) 

examined the economic implications of trust - building 

mechanisms, finding that enhanced trust can lead to increased 

transaction volumes and higher user satisfaction. These 

insights underscore the strategic value of implementing 

effective trust scores in fostering a thriving e - commerce 

ecosystem (Pavlou & Gefen, 2004; Ba & Pavlou, 2002).  

 

However, the implementation of trust scores is not without 

challenges. Issues such as algorithmic bias, transparency, and 

user privacy have been raised in the literature. Angwin et al. 

(2016) discussed the risks of algorithmic bias in automated 

decision - making systems, emphasizing the need for fairness 

and accountability in trust score algorithms. Additionally, 

concerns about user privacy and data security are paramount, 

as trust scores rely on extensive data collection and analysis. 

Research by Acquisti et al. (2015) highlights the delicate 

balance between leveraging user data for trust metrics and 

maintaining stringent privacy safeguards. Addressing these 

challenges is crucial to ensure the credibility and acceptance 

of trust scores in e - commerce (Angwin et al., 2016; Acquisti 

et al., 2015).  

 

In summary, the literature provides a comprehensive 

understanding of the development and application of trust 

metrics in e - commerce. From foundational reputation 

systems to advanced machine learning models, the evolution 

of trustworthiness metrics reflects the growing complexity 

and importance of trust in online marketplaces. While 

significant progress has been made, ongoing research is 

essential to refine these models, address implementation 

challenges, and fully realize the potential of trusted user 

scores in enhancing e - commerce trust and engagement.  

 

3. Methodology 
 

In the evolving e - commerce landscape, maintaining user 

trust is essential for fostering a reliable and engaging 

marketplace. The trusted user score represents a user's 

trustworthiness at a given point in time and evolves based on 

their interactions and behaviors on the platform. New users 

start with a baseline score, which adjusts dynamically as more 

data becomes available. By integrating trustworthiness with 

user value, platforms can segment customers more 

effectively, leading to personalized experiences and 

optimized incentives that enhance overall marketplace 

performance.  

 

 
Figure 2: Framework for Trusted User Score 

 

a) Input Factors 

Input factors for the trusted user score can be categorized into 

three major buckets: verifications, user history, and external 

factors.  

• Verifications: These are critical in the early stages when 

there is limited information about the user. Verified users 

are generally more trustworthy as they tend to provide 

accurate information, aligning their intentions with 

positive platform engagement. Conversely, users with 

malicious intent often use false information to conceal 

their identities. Verification factors include email 

verification, phone number verification, identity 

verification (e. g., government ID), and payment method 

verification.  

• User History: As users interact and transact on the 

platform, their behavior contributes significantly to their 

trust score. Positive actions, such as timely payments, low 

return rates, and high - quality reviews, increase the score. 

Negative behaviors, such as fraudulent activities, high 

return rates, and negative feedback, decrease the score. 

Over time, as a user’s history on the platform grows, more 

weight is given to this historical behavior, reducing the 

emphasis on initial verification factors.  

• External Factors: These include a user's history on other 

platforms, such as social media or other e - commerce 

sites. External factors provide additional context and can 

influence the trust score by incorporating a user's broader 

online behavior. For example, positive reviews and 
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engagement on other marketplaces can boost a user's 

score, while negative reports can lower it.  

 

 
Figure 2: Factors that Influence Trust 

 

b) Approach 

The development of the trusted user score involves two main 

dimensions: scores exposed to users and scores used 

internally.  

 

Exposed to Users: For transparency and user engagement, 

scores visible to users need to be:  

• Simple and Understandable: Users should easily grasp 

how their score is calculated and how they can improve it. 

This score typically relies on backward - looking data, 

such as transaction history and verification status.  

• Actionable: Clear guidelines should be provided on what 

actions can enhance the score. For example, users can be 

informed that maintaining a low return rate or writing high 

- quality reviews will positively impact their score.  

 

While this approach ensures transparency and user 

engagement, it may lack the ability to provide forward - 

looking insights. For example, a user with limited transactions 

may struggle to achieve a high score, despite potential future 

improvements.  

 

Hidden to Users and Used Internally: Internal scores, used for 

more complex decision - making, can leverage advanced 

methodologies:  

• Complex Machine Learning Models: These models 

predict future user behavior based on past data, 

incorporating factors like transaction quality, 

communication efficiency, and adherence to platform 

policies. Models might include:  

• Predictive Analytics: Forecasting future performance 

based on historical data and behavioral patterns.  

• Algorithmic Learning: Using algorithms like random 

forests, gradient boosting, or neural networks to capture 

non - linear interactions and predict future trustworthiness.  

• Integration of Predictive Variables: Variables such as 

potential future performance or risk scores derived from 

machine learning models can enhance the internal score’s 

accuracy.  

 

Although these models provide nuanced insights and better 

accuracy, they are more complex and less transparent to users. 

Instead, platforms can offer directional advice on how to 

improve trustworthiness without disclosing the specific 

factors influencing the internal score.  

 

 

 

c) Utilization 

Trusted user scores can be applied in various ways to enhance 

platform operations and user experience:  

 

• Driving Traffic to Trusted Users: Use internal scores to 

prioritize high - trust users in search algorithms and 

recommendations, increasing their visibility and driving 

more traffic to their listings. This application helps 

enhance engagement and optimize platform performance.  

• Incentivizing Users with Better Fees and Take Rates: 

Implement external scores to offer better terms, such as 

reduced fees or improved take rates, to high - scoring 

users. This approach encourages users to engage 

positively and maintain high trustworthiness.  

• Dispute Resolution: Leverage internal scores to automate 

and streamline dispute resolution processes. Trusted users 

can be prioritized, and the platform can handle disputes 

involving them more efficiently, reducing the burden on 

users and enhancing fairness.  

• Call Center Prioritization: Use trusted user scores to 

prioritize customer support queries. High - scoring users 

can receive quicker responses, improving their overall 

experience and satisfaction with the platform.  

• More Advertising Slots: Allocate additional advertising 

slots to trusted users, giving them greater exposure and 

opportunities to increase sales. This application rewards 

high - scoring users and incentivizes positive behavior.  

• Protection Against Bad Users: Implement safeguards 

against fraudulent or malicious users using internal scores. 

This helps ensure that trusted users are shielded from 

negative interactions and enhances the overall security of 

the platform.  

• Early Access to High - Demand Inventory/SKUs: Grant 

high - scoring users early access to limited or high - 

demand inventory. This rewards their positive behavior 

and encourages continued engagement with the platform.  

 

4. Results 
 

The implementation of the trusted user score has significantly 

enhanced user engagement and trust within the e - commerce 

platform. By integrating both external and internal scoring 

mechanisms, the platform has successfully fostered a more 

reliable and transparent marketplace. Users have shown a 

marked improvement in their interactions, with increased 

positive behaviors such as timely payments, constructive 

reviews, and reduced return rates. This positive shift can be 

attributed to the clear incentives provided by the trusted user 

score, which encourages users to adhere to high standards of 

conduct.  

 

Moreover, the application of trusted user scores has 

streamlined various operational aspects of the platform. 

Dispute resolution processes have become more efficient, as 

the internal scores allow for automated and fair decision - 

making, prioritizing trusted users and reducing the burden on 

customer support teams. Additionally, the prioritization of 

high - scoring users in search results and recommendations 

has led to improved visibility for these users, driving 

increased traffic and sales. Overall, the trusted user score has 

proven to be a valuable tool in enhancing platform trust, 

optimizing user experience, and driving overall marketplace 

performance.  
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5. Future Scope 
 

The future scope of trusted user scores presents exciting 

opportunities for further refinement and expansion. As data 

collection and analysis technologies continue to advance, 

there is potential to incorporate more sophisticated data 

signals into the trustworthiness metrics. This could include 

integrating real - time behavioral data, such as user 

engagement patterns and dynamic transaction anomalies, to 

provide a more granular and immediate assessment of 

trustworthiness. Additionally, advancements in artificial 

intelligence and machine learning could enable the 

development of more predictive models, enhancing the 

accuracy of the scores and allowing for more nuanced 

understanding of user behavior.  

 

Another promising area is the integration of cross - platform 

data sources to create a holistic view of user trustworthiness. 

By combining information from various e - commerce 

platforms, social media, and other online activities, platforms 

can develop a more comprehensive and accurate profile of 

user behavior. This integration would also involve addressing 

challenges related to data privacy and user consent, ensuring 

that the approach remains transparent and respectful of user 

rights. Furthermore, expanding the application of trusted user 

scores to new contexts, such as personalized marketing 

strategies and targeted product recommendations, could 

further leverage these insights to drive user engagement and 

satisfaction.  

 

6. Conclusion 
 

The implementation of trusted user scores represents a 

significant advancement in enhancing trust and reliability 

within e - commerce platforms. By leveraging a combination 

of verification factors, user history, and external data, these 

scores provide a comprehensive measure of user 

trustworthiness that evolves with their behavior. The dual 

approach of external, user - facing scores and internal, 

predictive models enables platforms to foster transparency 

and incentivize positive behavior while also optimizing 

operational efficiency. As technology and data analytics 

continue to evolve, the potential for refining and expanding 

the use of trusted user scores will further enhance marketplace 

dynamics, driving increased user engagement, satisfaction, 

and overall platform success.  
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